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Abstract

This study aimed to examine the effects of economic, educational, and labor-market factors on Iranian students’ intention to migrate for
education to Germany, Italy, and Turkey and to determine their predictive power relative to demographic characteristics. This applied
study employed a descriptive-analytical, ex post facto design. The statistical population comprised undergraduate and master’s students
enrolled at public and Islamic Azad universities in Tehran in 2025. Of 600 distributed questionnaires, 440 complete responses were
included in the analysis. Data were collected using a researcher-developed questionnaire covering household income, perceived economic
inequality, educational quality, employment and unemployment conditions, demographic characteristics, and educational migration
intention. Content validity was assessed by experts, and reliability was evaluated using Cronbach’s alpha. Binary logistic regression was
used to estimate the effects of the predictors on migration intention. Model adequacy and predictive performance were evaluated using
the Hosmer—Lemeshow test, pseudo-R2 indices, classification accuracy, and the receiver operating characteristic curve. Logistic regression
indicated that household income (B=-0.08, OR=0.92, p=0.001), economic inequality (B=0.75, OR=2.12, p<0.001), educational quality
(B=-0.82, OR=0.44, p<0.001), and unemployment (B=0.65, OR=1.91, p<0.001) significantly predicted educational migration intention,
whereas age and educational level were not significant. Educational quality was the strongest predictor, with the highest Wald statistic
(34.25). The Nagelkerke R? was 0.37, indicating that the model accounted for 37% of variation in migration intention. The Hosmer—
Lemeshow test supported adequate model fit (y>=6.55, df=8, p=0.586). Overall classification accuracy reached 80.0%, and the area under
the ROC curve was 0.80, demonstrating satisfactory discriminatory performance. Iranian students’ intention to migrate for education is
shaped primarily by structural economic, educational, and labor-market conditions rather than demographic characteristics; therefore,
improving higher-education quality, reducing economic inequality, and strengthening employment prospects may mitigate the push factors
underlying educational migration.

Keywords: Educational Migration, Economic Inequality, Educational Quality, Household Income, Unemployment, Iranian Students,
Logistic Regression
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Extended Abstract

Introduction

Educational migration has become one of the most consequential forms of international mobility in
contemporary societies, particularly among university students and highly educated young adults. Unlike
conventional migration motivated primarily by employment or family reunification, educational migration
combines academic aspirations with broader expectations concerning employment, economic security, social
mobility, and long-term quality of life. From the perspective of international migration theories, migration
decisions are rarely attributable to a single determinant; rather, they emerge from the interaction of economic,
institutional, educational, social, and individual factors operating simultaneously in countries of origin and
destination (Massey et al., 1993). Accordingly, students’ decisions to pursue higher education abroad can be
interpreted as a rational response to perceived differences between domestic and foreign opportunities and to
the expected returns from investing in human capital.

Education occupies a particularly important position in this decision-making process because it functions both
as a direct motive for mobility and as a mechanism through which individuals improve their future
socioeconomic prospects. The quality of education, availability of academic resources, reputation of
universities, access to research infrastructure, development of market-relevant skills, and correspondence
between academic training and employment opportunities may influence students’ evaluations of whether
remaining in the domestic educational system is advantageous. Educational quality is therefore a
multidimensional construct extending beyond classroom instruction to include institutional effectiveness,
academic resources, research opportunities, skill development, and the ability of higher education to prepare
students for professional life (Hosseini, 2017). International evidence further indicates that educational
structures and institutional environments can substantially affect educational outcomes, integration, and future
opportunities (Cabrales et al., 2018; Gries et al., 2022). Moreover, school well-being, family norms, parental
involvement, and the institutional context of education contribute to educational inequalities and students’
longer-term trajectories (Hvidtfeldt & Schultz-Nielsen, 2024).

Education is also associated with attitudes toward migration and individuals’ willingness to consider cross-
border mobility. Evidence from European contexts indicates that educational attainment and educational
environments can shape attitudes toward migration, although the magnitude of these effects differs according
to institutional and regional circumstances (Margaryan et al., 2021; Umansky et al., 2025). For students who
perceive limitations in the quality, international recognition, or labor-market relevance of domestic higher
education, studying abroad may consequently be viewed not simply as an academic preference but as a strategy
for improving future opportunities. Experiences of migrant youth likewise demonstrate that education may be
perceived as a means of overcoming institutional barriers and attaining broader socioeconomic opportunities
(Berggren et al., 2021).

Economic inequality constitutes another important structural determinant of migration intentions. Students
make educational and migration decisions within socioeconomic environments characterized by different
levels of resource distribution, opportunity, and perceived fairness. When educational, occupational, and
economic opportunities are perceived as unequally distributed, individuals may increasingly regard migration
as a means of improving their chances of upward mobility. Research in the political economy of migration has
emphasized that migration attitudes and behaviors are closely connected to economic conditions, resource
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distribution, and institutional arrangements (Alesina & Tabellini, 2024; Ciancio & Garcia-Jimeno, 2024).
Furthermore, the interaction between migration and education has been associated with broader indicators of
development, including income inequality, unemployment, and per capita income (Pudryk et al., 2023). In
Iran, evidence among university students has also suggested that perceptions regarding opportunities for future
economic, social, and political participation are associated with migration tendencies, highlighting the
importance of structural expectations in shaping decisions to leave the country (Alizadeh, 2025).

Household economic circumstances may influence educational migration through both the capacity and
motivation to migrate. Studying abroad generally entails substantial direct and indirect expenditures, including
tuition, accommodation, transportation, visa costs, and living expenses. However, household income may have
a complex relationship with migration intention. Higher-income families may possess greater financial
capacity to fund international education, whereas lower levels of economic security may increase the
motivation to migrate when students perceive international education as a route toward future socioeconomic
advancement. Studies of educational environments have shown that family resources can significantly affect
access to educational opportunities and subsequent outcomes (Figlio et al., 2024). From an economic
perspective, educational migration therefore involves an assessment of expected costs, risks, and returns
associated with studying and subsequently entering the labor market in another country (Kuosmanen, 2020).
Labor-market conditions constitute another major component of this cost-benefit assessment. Students’
decisions about international education are frequently linked to their expectations regarding employment after
graduation. Where unemployment is high or suitable professional opportunities are scarce, education abroad
may become part of a broader strategy for gaining access to more stable and rewarding labor markets.
Empirical evidence demonstrates dynamic relationships among migration, unemployment, and economic
growth (Dritsaki & Dritsaki, 2024), while analyses of European economies have similarly shown that
migration interacts with fiscal conditions and unemployment (Moridian et al., 2024). The relationship
between migration and unemployment has also been described as economically interdependent, suggesting
that labor-market conditions are central to the direction and intensity of migration flows (Alayan & Lakner,
2024). At the individual level, limited professional opportunities, unfavorable working conditions, and
expectations of greater career development abroad have repeatedly emerged as important drivers of migration
intention among skilled workers (Shirmohammadi et al., 2023; Toyin-Thomas et al., 2023).

Educational migration is also relevant to the broader debate on brain drain and brain circulation. The sustained
departure of educated individuals can reduce the human-capital stock of origin countries, particularly when
graduates establish long-term careers abroad. However, international mobility may also generate knowledge
transfer, professional networks, and eventual return migration, transforming brain drain into brain circulation
or brain gain under appropriate institutional conditions (Bhardwaj & Sharma, 2022; Subbotin & Aref, 2020).
Merit-based immigration systems and policies designed to attract highly educated migrants may intensify the
movement of skilled human resources from middle- and lower-income countries to more attractive destinations
(El Saghir et al., 2020). At the same time, migration and education policies in destination countries intersect
with issues of citizenship, educational justice, integration, and social inclusion (Osler, 2023). The institutional
and educational environment available to migrants can consequently influence the attractiveness of potential
destination countries (Gandara & Ee, 2022; Tanaka et al., 2018).

Demographic factors may also be associated with migration tendencies, although their effects are not
necessarily independent of structural conditions. Population projections and migration research demonstrate
close interactions among education, demographic change, labor-market requirements, and international
mobility (Lutz et al., 2019). Moreover, migration patterns can change substantially in response to broader
social and environmental disruptions, indicating that migration intentions are dynamic rather than fixed
individual preferences (Gonzalez-Leonardo et al., 2022). Therefore, identifying the relative importance of



Nk drwgi g Cw§ (Sigel

demographic characteristics compared with economic and educational determinants is particularly important
for understanding educational migration among Iranian students. Against this background, the present study
examined the effects of household income, perceived economic inequality, educational quality,
unemployment, and demographic characteristics on Iranian university students’ intention to migrate for
education to Germany, Italy, and Turkey.

Methods and Materials

This study was applied in purpose and employed a descriptive-analytical, ex post facto design. The statistical
population consisted of undergraduate and master’s students enrolled at public and Islamic Azad universities
in Tehran. Germany, Italy, and Turkey were considered the principal destination countries investigated in the
study. Data were collected through both library-based review and a survey. A total of 600 questionnaires were
distributed, of which 440 complete and usable questionnaires were retained for statistical analysis.

The primary data-collection instrument was a structured researcher-developed questionnaire consisting of
sections measuring demographic characteristics, household income, perceived economic inequality,
educational quality, employment and unemployment conditions, and intention to migrate for education. The
content validity of the instrument was assessed through expert and faculty review, and its reliability was
evaluated using Cronbach’s alpha, which indicated acceptable internal consistency.

The dependent variable, educational migration intention, was operationalized as a binary variable indicating
whether the respondent intended to migrate for educational purposes. The principal independent variables were
household income, economic inequality, educational quality, and unemployment, while age and educational
level were included as demographic predictors. Data analysis initially included descriptive statistics and
preliminary examination of variable distributions. Binary logistic regression was subsequently employed to
estimate the independent contribution of each predictor to the probability of educational migration intention.
Model performance was evaluated using -2 Log Likelihood, Cox and Snell R?, Nagelkerke R?, the Hosmer-
Lemeshow goodness-of-fit test, classification accuracy, and receiver operating characteristic analysis.
Findings

The final logistic regression model demonstrated that household income, perceived economic inequality,
educational quality, and unemployment were statistically significant predictors of educational migration
intention, whereas age and educational level were not statistically significant after the other predictors were
controlled.

Educational quality emerged as the strongest predictor in the model. Its regression coefficient was negative
(B=-0.82), with an odds ratio of 0.44 and a Wald statistic of 34.25 (p<0.001). Thus, each one-unit increase in
satisfaction with domestic educational quality was associated with an approximately 56% reduction in the odds
of intending to migrate for educational purposes. Conversely, lower perceived educational quality substantially
increased migration propensity.

Perceived economic inequality exerted a positive and statistically significant effect (B=0.75, OR=2.12,
p<0.001). Each one-unit increase in perceived economic inequality was associated with a 2.12-fold increase
in the odds of educational migration intention. Unemployment also had a positive significant effect (B=0.65,
OR=1.91, p<0.001), indicating that higher perceptions of unemployment nearly doubled the odds of reporting
an intention to migrate.

Household income had a statistically significant negative association with educational migration intention (B=-
0.08, OR=0.92, p=0.001). Accordingly, each unit increase in household income was associated with an
approximately 8% decrease in the odds of intending to migrate. In contrast, age (B=-0.03, OR=0.97, p=0.454)
and educational level (B=0.15, OR=1.16, p=0.430) did not significantly predict migration intention.

Model evaluation indicated satisfactory explanatory and predictive performance. The -2 Log Likelihood value
was 385.12. Cox and Snell Rz was 0.28, while Nagelkerke R2 reached 0.37, suggesting that the predictors
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collectively accounted for approximately 37% of variation in educational migration intention according to the
latter index. The Hosmer-Lemeshow test yielded y?>=6.55 with 8 degrees of freedom and p=0.586, confirming
adequate agreement between observed and predicted outcomes.

Classification analysis further showed that the model correctly identified 140 of 180 students without migration
intention, corresponding to a specificity of 77.8%, and correctly classified 212 of 260 students with migration
intention, corresponding to a sensitivity of 81.5%. Overall classification accuracy was 80.0%. Receiver
operating characteristic analysis produced an area under the curve of 0.80. At a cut-off point of 0.50, sensitivity
was 81.5% and the false-positive rate was 22.2%, demonstrating satisfactory discriminatory capacity between
students with and without educational migration intention.

Discussion and Conclusion

The findings demonstrate that Iranian students’ educational migration intentions are primarily associated with
structural educational and socioeconomic conditions rather than with the demographic characteristics
examined in the study. The particularly strong effect of educational quality suggests that students evaluate
migration partly as an investment in human capital. When the domestic higher education system is perceived
as unable to provide adequate academic resources, research opportunities, professional skills, or competitive
qualifications, studying abroad becomes a rational alternative for improving anticipated educational and
occupational returns.

The positive effect of economic inequality further indicates that migration intention is influenced not only by
students’ absolute economic circumstances but also by their perceptions of how opportunities are distributed.
Students who perceive greater inequality may interpret their domestic environment as offering limited
possibilities for upward mobility, equitable access to resources, or professional advancement. Educational
migration may therefore represent an attempt to reposition themselves within an environment perceived as
offering more predictable and merit-based opportunities.

The significant positive effect of unemployment reinforces the close connection between educational and
occupational migration. For many students, studying abroad may function as an entry route into a foreign labor
market rather than as an exclusively academic objective. Perceptions of insufficient employment opportunities,
unstable career prospects, or mismatch between university education and available jobs can increase the
attractiveness of destinations that offer stronger post-study employment prospects. Educational migration
should consequently be understood as part of a broader life-course strategy integrating education, employment,
income, and socioeconomic security.

The negative association between household income and migration intention indicates an important distinction
between the financial capacity to migrate and the motivation to migrate. Although higher household income
may make international study more financially feasible, greater domestic economic security may
simultaneously reduce perceived pressure to leave. Students from less economically secure households may
instead view international education as a pathway toward future economic mobility and improved
socioeconomic circumstances. This finding emphasizes that migration intention cannot be inferred solely from
the resources required to finance migration.

The nonsignificant effects of age and educational level further suggest that structural pressures may be more
influential than individual demographic differences within the population investigated. Once educational
quality, economic inequality, unemployment, and household income were taken into account, differences
related to age and academic level did not independently explain migration intention. This supports a structural
interpretation in which students exposed to similar economic and educational conditions may develop
comparable migration preferences despite demographic differences.

The overall performance of the logistic model provides additional support for this interpretation. A Nagelkerke
R2 of 0.37 indicates meaningful explanatory capacity, while the 80% classification accuracy and AUC of 0.80
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demonstrate satisfactory predictive discrimination. Nevertheless, a substantial proportion of variance remained
unexplained, suggesting that educational migration is also shaped by factors beyond those included in the
present model. Potential influences may include political and social expectations, foreign-language
proficiency, international networks, scholarship availability, tuition costs, visa policies, family support,
cultural preferences, previous travel experience, perceived quality of life, and opportunities for permanent
residence.

In conclusion, educational migration intention among Iranian university students appears to be driven
predominantly by perceived shortcomings in educational quality, economic inequality, unemployment, and
household economic conditions. Educational quality was the strongest predictor, followed by economic
inequality and unemployment, whereas age and educational level were not significant predictors. These
findings imply that reducing educational migration pressures requires more than policies aimed at restricting
mobility. Improving the quality and international competitiveness of higher education, strengthening the
relationship between universities and the labor market, expanding professional opportunities for graduates,
reducing perceived socioeconomic inequality, and creating more credible prospects for upward mobility may
address the structural conditions underlying students’ intentions to study abroad. At the same time, because
international student mobility cannot and should not be eliminated entirely, policies aimed at maintaining
academic and professional ties with students abroad and facilitating their eventual return may help transform
potential brain drain into circulation of knowledge and human capital.
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